
TIMOR LOROSA'E JOURNAL OF BUSINESS AND INNOVATION (TORBIN) 
 

Volume 02, Issue 01, 2025 

https://jurnal.iob.edu.tl  

 

 
Timor Lorosa'e Journal of Business and Innovation (TORBIN), 2025, Vol. 02 (01) 

website: www.jurnal.iob.edu.tl    

14 

Understanding Artificial Intelligence Adoption in Business Management: Opportunities and 
Challenges 

Wang Xu* 

a City University,Kuala Lumpur, Malaysia.  

15210650666@163.com  

* Wang Xu

ABSTRACT  

This study examines artificial intelligence (AI) adoption in business management by synthesizing existing 

literature on the opportunities and challenges associated with AI-enabled organizational transformation. 

Adopting an integrative, theory-driven perspective, the paper conceptualizes AI adoption as a socio-technical 

and managerial process shaped by strategic alignment, governance structures, organizational capabilities, and 

ethical considerations. The analysis highlights how AI can enhance operational efficiency, decision-making 

quality, and innovation while simultaneously introducing managerial challenges related to skills, change 

management, accountability, and regulatory compliance. By consolidating fragmented research streams into a 

unified framework, the study advances understanding of how organizations can pursue sustainable and 

responsible AI adoption. The paper further discusses implications for managers and policymakers and proposes 

directions for future empirical research using quantitative, qualitative, and longitudinal designs to validate and 

extend the conceptual insights. Overall, the study contributes to AI adoption and business management 

literature by offering a holistic perspective on balancing value creation and risk management in AI-driven 

organizational contexts. 

KEYWORDS: Artificial intelligence adoption, Business management, Digital transformation, Organizational 
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I. INTRODUCTION 

The rapid advancement and diffusion of artificial intelligence (AI) have fundamentally reshaped 

contemporary business environments, compelling organizations to rethink how managerial decisions 

are made, processes are structured, and value is created. While AI technologies were initially 

associated with technical domains such as automation and data processing, their application has 

increasingly expanded into core areas of business management, including strategic planning, 

operations, human resource management, marketing, and organizational control. As a result, AI 

adoption is no longer a purely technological concern but a complex managerial and organizational 

phenomenon that requires systematic scholarly attention. 

In recent years, AI has transitioned from experimental deployment to widespread organizational 

adoption across industries and firm sizes. Advances in machine learning, predictive analytics, and 

intelligent automation have enabled organizations to leverage large volumes of data for improved 

decision-making, enhanced efficiency, and innovation-driven competitiveness (Dwivedi et al., 2021; 

Vrontis et al., 2022). As organizations increasingly embed AI into managerial processes, AI has 
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emerged as a strategic resource that supports forecasting, optimization, and real-time decision 

support in dynamic business environments. 

From a business management perspective, AI functions not only as an operational tool but also as a 

managerial enabler that reshapes how organizations allocate resources, coordinate activities, and 

respond to environmental uncertainty. Studies suggest that AI-driven analytics can enhance 

managerial judgment, reduce information asymmetry, and support evidence-based decision-making 

at multiple organizational levels (Raisch & Krakowski, 2021; Haenlein & Kaplan, 2021). At the same 

time, the adoption of AI introduces new layers of managerial and organizational complexity, including 

challenges related to workforce skills, organizational learning, governance structures, and ethical 

accountability (Shrestha et al., 2021; Jöhnk et al., 2022). 

Despite the growing importance of AI in business management, existing research remains fragmented 

across functional and disciplinary boundaries. Much of the literature on AI adoption has focused on 

specific domains—such as operations, marketing analytics, or information systems without offering an 

integrated understanding of how AI adoption affects business management as a holistic system 

(Dwivedi et al., 2021; Frank et al., 2022). This fragmentation limits the ability of scholars and 

practitioners to grasp the cross-functional implications of AI adoption at the organizational level. 

Moreover, prior studies have tended to overemphasize technical feasibility and algorithmic 

performance while underexploring managerial integration and organizational readiness. As a result, 

AI adoption is often discussed in terms of technological capability rather than managerial alignment, 

governance, and strategic coherence (Raisch & Krakowski, 2021; Jöhnk et al., 2022). There is also a 

lack of comprehensive synthesis that simultaneously addresses both the opportunities and challenges 

of AI adoption within business management contexts. This gap underscores the need for a 

conceptually grounded examination that integrates technological potential with managerial, 

organizational, and ethical considerations. 

In response to these gaps, this study aims to develop a structured understanding of AI adoption from 

a business management perspective. Specifically, the objectives of this paper are threefold. First, it 

seeks to examine AI adoption as a managerial and organizational phenomenon rather than a purely 

technical process. Second, it aims to identify and synthesize the key opportunities created by AI 

adoption in organizational contexts, including efficiency gains, enhanced decision-making, and 

strategic innovation. Third, the study analyzes the managerial, organizational, and ethical challenges 

associated with AI adoption, highlighting issues related to governance, skills development, 

transparency, and accountability. Through these objectives, the paper provides a coherent framework 

for understanding AI adoption in business management. 

The significance of this study lies in its theoretical, practical, and policy-related contributions. From a 

theoretical standpoint, the paper contributes to AI and management literature by integrating insights 
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from innovation adoption, strategic management, and organizational behavior into a unified 

conceptual discussion. By moving beyond siloed perspectives, the study advances understanding of 

AI adoption as a multidimensional organizational process. 

Practically, the study offers value to managers and decision-makers by clarifying how AI adoption can 

be aligned with managerial objectives and organizational capabilities. By synthesizing opportunities 

and challenges, the paper provides guidance for strategic AI adoption and responsible 

implementation in complex organizational settings (Vrontis et al., 2022; Frank et al., 2022). 

From a policy perspective, the findings are relevant to ongoing debates on digital governance and 

organizational readiness. As governments and regulatory bodies increasingly emphasize responsible 

and inclusive AI deployment, this study supports the development of policies that balance innovation 

with ethical standards, workforce readiness, and organizational resilience (OECD, 2021; European 

Commission, 2021). Overall, the paper establishes a foundation for future empirical research and 

informed managerial practice in the era of AI-driven business management. 

II. LITERATURE REVIEW  

A. Artificial Intelligence in Business Management 

Recent scholarship generally treats AI in business management as a family of computational 

techniques—most prominently machine learning and related data-driven approaches used to support 

prediction, classification, recommendation, automation, and decision support in organizational 

settings (Dwivedi et al., 2021; Berente et al., 2021). Consistent with major policy frameworks, AI can 

be defined at the system level (i.e., “AI systems” performing tasks with varying autonomy), and this 

definition has been updated to reflect rapid technological evolution, underscoring that AI capabilities 

and governance expectations are not static (OECD, 2023/2024 updates). 

Definitions and classifications. In management research, AI is commonly discussed in terms of (a) AI 

techniques (e.g., machine learning, natural language processing, computer vision), (b) AI applications 

(e.g., forecasting, anomaly detection, chatbots, decision automation), and (c) AI-enabled systems 

embedded into business processes (Berente et al., 2021; Collins et al., 2021). 

AI tools vs. AI-enabled managerial processes. A key conceptual distinction is between adopting AI 

tools (standalone applications or modules) and adopting AI-enabled managerial processes (re-

designing workflows and decision routines so AI becomes part of how strategy, operations, and 

people management are executed). Management-oriented AI work emphasizes that the latter is more 

transformative but also more demanding because it requires complementary changes in data 

practices, governance, skills, and accountability (Berente et al., 2021; Dwivedi et al., 2021). 

Conceptually, AI adoption should not be collapsed into simple “use.” Adoption typically spans (1) 

intention/decision, (2) implementation (pilots, integration, change management), and (3) routinization 
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(stable, repeated use embedded in routines). This lifecycle view matters because many organizations 

move from interest to pilots but struggle to reach durable routinization due to skill gaps, governance 

issues, or data constraints (Berente et al., 2021; Collins et al., 2021). 

Managerial readiness and organizational learning. AI utilization quality depends heavily on readiness—

leadership support, employee skills, data maturity, and learning mechanisms that allow organizations 

to iterate, validate, and refine AI use over time (Dwivedi et al., 2021). This is why conceptual models 

increasingly stress capability building and organizational learning as central conditions for AI value 

realization rather than treating adoption as a single event (Berente et al., 2021). 

AI’s managerial relevance is best understood by mapping its influence across core functions: 

Strategy and decision-making. AI increasingly supports managerial decision processes through 

forecasting, scenario analysis, and recommendation systems, but it also introduces challenges around 

explainability, trust, and accountability especially when AI outputs are treated as authoritative (Berente 

et al., 2021). 

Operations and supply chain management. AI can enable process optimization, predictive 

maintenance, demand forecasting, and logistics routing often framed as productivity and service-level 

gains—yet such benefits depend on high-quality data and integration with operational systems 

(Dwivedi et al., 2021). 

Human resource management and marketing. In HRM, AI is widely discussed for recruiting, selection, 

performance analytics, and learning personalization, accompanied by concerns about bias, 

transparency, and employee acceptance (Vrontis et al., 2021). In marketing, AI supports customer 

segmentation, personalization, and conversational interfaces, but also raises governance and privacy 

issues as AI scales across customer touchpoints (Dwivedi et al., 2021). 

B. Theoretical Foundations 

DOI remains useful for explaining organizational AI adoption because it links adoption likelihood to 

perceived innovation attributes such as relative advantage and compatibility. Contemporary AI 

adoption studies continue to operationalize DOI attributes (e.g., relative advantage, compatibility) to 

explain adoption intentions and decisions in organizational settings, illustrating DOI’s continued 

relevance for modern AI innovations. 

TOE is widely used to explain technology adoption by integrating (a) technology characteristics, (b) 

organizational readiness (resources, skills, top management support), and (c) environmental pressures 

(competition, regulation, partners). Recent AI adoption research applies TOE explicitly to understand 

organizational adoption decisions, including in SME contexts and professional service firms. 

RBV and dynamic capabilities perspectives strengthen AI adoption explanations by emphasizing that 

AI creates value when organizations develop complementary capabilities data, analytics routines, 
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governance, and adaptation mechanisms—turning AI from a tool into a strategic capability that can 

support sustained performance differences. Recent work explicitly connects AI use/adoption with 

capability-building logics and organizational outcomes, reinforcing the “AI-as-capability” framing 

beyond simple adoption. 

C. Opportunities of Artificial Intelligence Adoption 

A consistent opportunity theme is efficiency through automation and process optimization reducing 

cycle times, improving quality consistency, and reallocating human effort toward higher-value work 

(Dwivedi et al., 2021). 

AI expands analytics depth and speed, enabling forecasting and decision support at scale. However, 

management research stresses that value depends on how AI outputs are integrated into decision 

rights, governance, and human oversight (Berente et al., 2021). 

AI can enable new products/services, personalization, and new business models. A core insight from 

the IS/management literature is that competitive advantage is more likely when AI is combined with 

organizational change and complementary capabilities rather than adopted superficially (Collins et al., 

2021; Dwivedi et al., 2021). 

AI can support learning by codifying patterns, enabling experimentation, and improving knowledge 

flows, but it also requires continuous learning loops so models remain valid as environments and data 

drift over time (Berente et al., 2021). 

D. Challenges of Artificial Intelligence Adoption 

Common barriers include skills gaps, resistance to change, misalignment between AI projects and 

business strategy, and unclear accountability for AI outcomes. Management-oriented AI research 

highlights governance and leadership as pivotal because AI introduces new decision dependencies 

and risk profiles (Berente et al., 2021; Dwivedi et al., 2021). 

AI performance depends on data quality, integration across systems, and cybersecurity controls. Many 

organizations struggle with fragmented data architectures, weak data governance, and difficulty 

scaling pilots into reliable production systems (Collins et al., 2021). 

Ethical issues include bias, opacity, transparency, accountability, and privacy. Major international 

guidance emphasizes “trustworthy AI,” and contemporary organizational research increasingly treats 

ethics and governance as central adoption constraints (OECD guidance; Dwivedi et al., 2021). 

Organizations often face high upfront costs (data infrastructure, talent, integration) and uncertain ROI 

timelines. These constraints are amplified for SMEs and resource-limited firms, motivating staged 

adoption and ecosystem-based support (Badghish et al., 2024). 
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III. METHODOLOGY 

The development of the framework draws primarily on the Technology–Organization–Environment 

(TOE) framework and complementary perspectives from the Resource-Based View (RBV) and Diffusion 

of Innovation (DOI) theory. Recent scholarship increasingly emphasizes that AI adoption in business 

management is a systemic phenomenon shaped by interactions among internal organizational 

capabilities, technological characteristics, and external environmental conditions (Vrontis et al., 2022; 

Dwivedi et al., 2021). From an organizational perspective, factors such as leadership support, digital 

skills, organizational culture, and data readiness determine whether firms possess the absorptive 

capacity required to deploy AI effectively (Raisch & Krakowski, 2021; Wamba et al., 2021). 

Technological factors, including perceived usefulness, complexity, data quality, and system 

compatibility, influence managerial evaluations of AI feasibility and value creation potential 

(Maroufkhani et al., 2022; Rialti et al., 2022). Environmental factors such as competitive pressure, 

regulatory expectations, and ecosystem maturity—further condition adoption decisions by shaping 

both incentives and constraints (OECD, 2021; Verhoef et al., 2021). 

By integrating these dimensions, the framework responds to calls for multi-level and cross-theoretical 

models that reflect the real-world complexity of AI adoption in organizations (Dwivedi et al., 2021; 

Troilo et al., 2024). Rather than treating AI as a purely technical artifact, the framework conceptualizes 

AI adoption as a managerial capability-building process, where value creation depends on alignment 

across organizational readiness, technological appropriateness, and environmental support. Mapping 

opportunities and challenges across management functions. 

A distinguishing feature of the framework is its explicit mapping of AI-related opportunities and 

challenges across core business management functions, including strategy, operations, human 

resource management, marketing, and decision-making. Recent studies highlight that AI enables 

opportunities such as enhanced analytical decision-making, process automation, predictive 

forecasting, and personalized customer engagement (Raisch & Krakowski, 2021; Verhoef et al., 2021). 

At the same time, AI adoption introduces challenges related to skill displacement, ethical risks, 

algorithmic opacity, data governance, and managerial accountability (Dwivedi et al., 2021; Vrontis et 

al., 2022). 

By embedding these opportunities and challenges within the integrated framework, the paper 

advances a balanced perspective that avoids technological determinism. It illustrates how the same 

organizational and technological factors that enable AI-driven efficiency and innovation may also 

exacerbate risks if misaligned with governance structures, managerial competence, or regulatory 

expectations. This dual mapping contributes to business management literature by clarifying that AI 

adoption outcomes are contingent on how AI is managed, not merely on whether it is adopted (Troilo 

et al., 2024; Rialti et al., 2022). 
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Overall, the integrated conceptual framework offers a systematic lens for understanding AI adoption 

in business management as an interactional process, providing a foundation for future empirical 

testing and comparative analysis across industries and organizational contexts. 

IV. DISCUSSION AND CONCLUSION  

E. Theoretical Implications 

This study advances AI adoption and management theory by moving beyond technology-centric 

explanations and emphasising AI as a socio-technical and managerial phenomenon. Recent 

scholarship increasingly argues that AI adoption outcomes are shaped not only by technological 

sophistication but also by organizational structures, leadership, and governance mechanisms (Dwivedi 

et al., 2021; Vrontis et al., 2022). By conceptualising AI adoption within business management 

functions, this paper contributes to theory by clarifying how AI reshapes decision-making, 

coordination, and value creation processes across organizations. 

Another key theoretical contribution lies in integrating fragmented perspectives that have traditionally 

examined AI adoption through isolated lenses, such as information systems, operations management, 

or human resource management. Prior research often treats opportunities (e.g., efficiency, analytics, 

innovation) and challenges (e.g., ethics, skills gaps, governance) as separate streams (Raisch & 

Krakowski, 2021; Haenlein & Kaplan, 2022). This study brings these strands together into a unified 

conceptual view, highlighting the interdependence between technological potential and 

organizational capability. In doing so, it provides a more holistic theoretical foundation for 

understanding AI adoption in business management. 

F. Managerial Implications 

From a managerial perspective, the findings suggest that AI adoption should be approached as a 

strategic transformation initiative rather than a series of isolated technology projects. Managers need 

to align AI initiatives with organizational goals, governance structures, and ethical standards to ensure 

sustainable value creation. Recent studies emphasise that without clear governance and accountability 

frameworks, AI adoption may lead to inefficiencies, ethical risks, and erosion of trust (Shrestha et al., 

2021; Ransbotham et al., 2023). Therefore, executives should establish cross-functional AI governance 

mechanisms that oversee strategy, risk management, and performance evaluation. 

The analysis also underscores the importance of organizational capabilities and change management 

in realizing AI benefits. AI adoption often requires new skills, revised workflows, and cultural openness 

to data-driven decision-making. Prior research highlights that employee resistance, skills shortages, 

and inadequate training remain major barriers to successful AI implementation (Makarius et al., 2022; 

Jöhnk et al., 2021). Managers should thus invest in continuous learning, reskilling programs, and 
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communication strategies that support employee engagement and acceptance of AI-enabled 

processes. 

G. Policy and Organizational Implications 

At the policy and organizational levels, this study reinforces the importance of responsible AI adoption 

aligned with evolving regulatory and ethical standards. Governments and regulators increasingly 

emphasise transparency, fairness, accountability, and data protection in AI deployment (European 

Commission, 2021; OECD, 2022). Organizations must proactively align their AI strategies with these 

principles to mitigate legal and reputational risks and to build stakeholder trust. 

The findings further highlight the need for organizational readiness and digital resilience as 

prerequisites for sustainable AI adoption. Digital resilience refers to an organization’s capacity to adapt 

to technological disruptions while maintaining operational continuity and ethical integrity (van der 

Togt & Rasmussen, 2023). Policymakers and industry bodies can support this by promoting standards, 

best practices, and collaborative ecosystems that enhance organizational preparedness for AI-driven 

transformation. 

H. Limitations and Future Research Directions 

As a conceptual study, this paper does not empirically test the proposed relationships or quantify the 

impact of AI adoption on business outcomes. The framework focuses on broad managerial 

opportunities and challenges and does not account for industry-specific dynamics or firm-size 

variations. 

Future research should empirically validate the conceptual insights presented in this study. Empirical 

evidence is required to assess the strength, direction, and boundary conditions of the proposed 

relationships across different organizational contexts. 

Quantitative research using structural equation modeling (SEM) could test integrated models linking 

AI adoption drivers, governance mechanisms, and performance outcomes (Hair et al., 2021). 

Qualitative studies, such as case studies or interviews, could provide deeper insights into managerial 

sensemaking, ethical dilemmas, and change processes associated with AI adoption. Longitudinal 

research designs are particularly valuable for capturing the dynamic and evolving nature of AI 

implementation and its long-term organizational effects (Zyphur et al., 2023). 

I.  Conclusion 

This study provides a comprehensive synthesis of opportunities and challenges associated with 

artificial intelligence adoption in business management. By integrating diverse theoretical 

perspectives, the paper highlights that AI adoption is not solely a technological issue but a complex 
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managerial and organizational process shaped by strategy, governance, capabilities, and ethical 

considerations. 

The paper contributes to AI adoption and business management literature by offering a unified 

framework that bridges fragmented research streams and clarifies how AI can both enhance and 

disrupt managerial practices. In conclusion, sustainable and responsible AI adoption requires strategic 

alignment, robust governance, continuous capability development, and supportive policy 

environments. Organizations that approach AI adoption holistically are more likely to achieve long-

term value creation while maintaining ethical integrity and organizational resilience. 
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